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Abstract— As society becomes increasingly interconnected
and algorithmically mediated, myth-making has not diminished
but evolved. In this digital age, generative artificial intelligence
(AD) plays a pivotal role in amplifying misinformation and
conspiracies, contributing to the construction of persuasive
modern myths. This paper explores how AI technologies
facilitate the creation and dissemination of misinformation,
examining psychological factors, algorithmic influence, and the
socio-technical systems that enable belief formation. Employing
a qualitative methodology with empirical support from two case
studies—Meta's Galactica model and GPT-2's news article
generation experiments—the paper identifies critical
vulnerabilities in public perception and trust in digital
information. Drawing on updated literature and theoretical
frameworks, we propose a multi-level strategy encompassing
digital literacy, regulatory interventions, and machine-learning-
based detection tools to mitigate the risks posed by Al-driven
myth-making. The findings offer vital insights for policymakers,
technologists, and educators aiming to safeguard truth in an
increasingly Al-mediated society.
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I.  INTRODUCTION

Throughout human history, storytelling and myth-making
have served as fundamental mechanisms for communities to
comprehend complex realities and navigate uncertainty. From
ancient oral traditions to religious parables, societies have
consistently constructed narratives that explain the
unexplainable, challenge established authorities, and foster
shared beliefs—regardless of how fantastical or improbable
these beliefs may appear to outsiders [1][2]. This enduring
human tendency toward mythological thinking has not
disappeared in the digital age; rather, it has undergone a
profound transformation in both form and scale.

The contemporary landscape of myth-making represents a
marked departure from traditional person-to-person
transmission. Digital platforms and sophisticated algorithms
now facilitate the rapid dissemination of narratives across
global networks, fundamentally altering how false beliefs
emerge, evolve, and take root within communities. Social
media ecosystems, with their emphasis on engagement-driven
content distribution, have created unprecedented opportunities
for conspiratorial narratives to reach and influence vast
audiences.

The emergence of artificial intelligence technologies has
introduced an additional layer of complexity to this
phenomenon. Advanced generative Al systems can now
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produce photorealistic images, craft persuasive textual
content, and synthesize convincing audio-visual materials that
closely mimic authentic human communication [3]. These
capabilities have dramatically lowered the technical barriers
to creating sophisticated disinformation, enabling the
production of content that appears credible and authoritative
while being entirely fabricated. The resulting erosion of
traditional markers of authenticity poses significant
challenges to information verification and public discourse.

Despite the growing recognition of Al's role in
contemporary information disorders, a substantial research
gap exists at the intersection of artificial intelligence, human
psychology, and digital platform dynamics. While existing
scholarship has examined conspiracy theories through
psychological and sociological lenses, and separate bodies of
work have investigated Al-generated content and algorithmic
amplification, insufficient attention has been paid to how these
elements converge to create novel forms of mythological
thinking in digital spaces.

This research addresses this gap by investigating how
artificial intelligence technologies specifically contribute to
the creation and amplification of modern conspiratorial
narratives. By analyzing the interplay between human
cognitive biases, platform algorithms, and Al generative
capabilities, this study seeks to illuminate the mechanisms
through which false narratives emerge and proliferate in
online environments. The central inquiry examines what
occurs when deeply rooted human psychological tendencies
encounter sophisticated technological tools, and explores the
implications of this convergence for information processing,
belief formation, and societal discourse in the digital age.

II. LITERATURE REVIEW

A. Historical Context of Conspiracy Theories and Myth-
Making

Conspiracy theories represent a persistent phenomenon
throughout human history rather than a uniquely modern
development [4]. Historical analysis reveals that populations
have consistently turned to conspiratorial explanations during
periods of uncertainty, fear, and social upheaval. This pattern
became particularly evident during the 2016 US presidential
elections, which witnessed a marked increase in conspiracy
theories and misinformation [1], and during the COVID-19
pandemic, where the proliferation of false information led
WHO Director-General Tedros Adhanom Ghebreyesus to
declare an "infodemic" [5].



Hofstadter's seminal work on the "paranoid style" in
American politics demonstrated how deeply embedded
conspiracy thinking has become within cultural and political
discourse [6]. The historical record reveals troubling
connections between conspiracy theories and various forms of
social harm, including prejudice, persecution, and genocide.
Notable examples include the anti-Semitic propaganda of
Nazi Germany and AIDS denialism by the South African
government [7].

Contemporary scholarship suggests that while conspiracy
theories have historically emerged during times of crisis and
subsequently faded, modern technologies—particularly
artificial  intelligence and digital media—may be
fundamentally transforming how these narratives spread and
persist, potentially giving traditional patterns of conspiratorial
thinking unprecedented reach and influence.

B. Psychological Foundations of Conspiracy Belief

The psychological literature identifies several key factors
that contribute to conspiracy belief formation and
maintenance. Research demonstrates that individuals
generally tend to accept information from others as accurate
unless obvious contradictory evidence is present [8]. This
baseline trust becomes problematic when combined with
confirmation bias, whereby people preferentially consume,
endorse, and favor information that aligns with their pre-
existing beliefs and ideologies [9][1].

Confirmation bias contributes to the formation of online
communities centered around similar ideologies, creating
what researchers term "echo chambers" where conspiratorial
beliefs can flourish unchallenged. Pennycook and Rand [10]
introduced the concept of "pseudo-profound bullshit
receptivity"—the tendency to assign profound meaning to
meaningless statements—and demonstrated its correlation
with both fake news susceptibility and difficulty
distinguishing between authentic and fabricated information.
Their research further revealed that individuals who
overestimate their own intellectual capabilities are more likely
to rate false news and conspiracy theories as accurate.

A comprehensive study by Bryanov and Vziatysheva [9]
identified additional factors contributing to conspiracy belief,
including endorsement by trusted sources, deception bias, and
the influence of momentary emotions. Particularly relevant to
digital environments, their research found that social media
engagement metrics, such as the number of likes, significantly
increased perceived credibility regardless of content veracity.
The problem is compounded by the fact that even high-
reputation sources occasionally amplify unverified claims
[11].

C. Digital Amplification and the Internet's Role

The relationship between internet technology and
conspiracy theory proliferation presents a complex paradox.
Clarke [2] initially argued that internet access would facilitate
robust criticism of conspiracy theories through real-time fact-
checking and unprecedented access to information. However,
empirical evidence suggests a different outcome, with
approximately three-quarters of Americans attributing the
spread of modern conspiracy theories to social media and
internet platforms [12].
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The internet's low barrier to entry for content publication
has created an environment where conspiratorial content is
freely available, placing the burden of verification on
individual users [16]. While conspiracy engagement occurs
both online and offline, research indicates that the ease of
sharing and endorsing content without accuracy verification
significantly accelerates conspiracy dissemination [13].

The digital era has fostered what scholars term a "Post-
Truth ecosystem" [13][14], characterized by information
flows that prioritize emotional appeal and personal conviction
over objective facts. This ecosystem encompasses deliberate
fakes, hoaxes, and misinformation often motivated by
financial incentives rather than ideological commitment.

D. Artificial Intelligence and Contemporary Challenges

The emergence of artificial intelligence, particularly
generative Al systems, represents a qualitative shift in
conspiracy theory creation and dissemination capabilities.
Modern Al systems enable unprecedented ease of content
generation across multiple media formats, including text,
images, and video. This technological advancement has
fundamentally altered the resource requirements for
information manipulation, which historically demanded
significant human and financial resources available primarily
to powerful actors [20].

Empirical studies demonstrate that readers perceive Al-
generated text, when curated by humans, as equally credible
to human-authored content covering identical events. More
concerning, research shows that Al text models can produce
credible-sounding news articles at scale without human
intervention [17]. The development of deepfake technology
has enabled the creation of entirely fabricated multimedia
content, from false advertisements to pornographic material
and fabricated "evidence" supporting conspiratorial claims
[18].

State-level actors have already begun exploiting these
capabilities. Research documents Russia's use of automated
social media bots to amplify pro-Russian propaganda within
Europe [19], suggesting that Al-powered disinformation
represents a logical technological progression. Studies
indicate that Al-generated misinformation tends to feature
vivid storytelling and exaggerated or fabricated conclusions
about future events [3], characteristics that may enhance its
persuasive impact.

The convergence of internet-enabled rapid dissemination
with Al-facilitated content creation presents unprecedented
challenges for information integrity and democratic discourse.
This technological synthesis enables the mass production and
distribution of sophisticated misinformation at scales and
speeds previously impossible, fundamentally altering the
landscape of conspiracy theory propagation.

1. METHODOLGY

This study adopts amulti-layered  qualitative
methodology, integrating document analysis, comparative
case study, and theoretical triangulation. The objective is to
deeply investigate how generative Al contributes to the
formation and propagation of digital-age myths, particularly
misinformation and conspiracies. The methodology includes
the following components:



A. Research Design

We employed a comparative case study design to analyze
two representative and high-impact instances of Al-generated
misinformation. This design enables in-depth contextual
analysis and cross-case comparison to extract broader insights
into AI’s role in myth-making.

B. Case Selection Criteria
Cases were chosen based on the following criteria:

e High relevance to Al-generated misinformation and

public trust

e Contrasting domains (scientific discourse vs. news
media)

e Availability of empirical data and credible
documentation

The selected cases are:

e Meta’s Galactica: a large language model designed
for scientific content creation, which demonstrated
the risks of misinformation in academic contexts.

GPT-2 Experiments: an empirical study on public
perception of Al-generated news credibility, which
provides experimental validation of AI’s impact on

belief systems.

C. Data Collection

Data were collected from multiple reliable sources,
encompassing peer-reviewed academic articles and empirical
studies, official documentation and technical reports, as well
as media coverage, platform communications, and publicly
available Al model outputs with accompanying expert
commentary.

D. Analytical Framework

The analysis was guided by an interdisciplinary theoretical
framework drawing on:

e  Media epistemology: to evaluate how truth claims are
shaped in digital discourse
Digital rhetoric and narrative framing: to assess how

Al-generated content influences perception

o Information trust theory: to interpret user
vulnerability to misinformation based on content
characteristics

Key analytical dimensions included:

Content credibility: Does the Al-generated content

appear trustworthy?

e Autonomy and scale: To what extent can Al operate
without ~ human  oversight in spreading
misinformation?

Sociocultural impact: How does this content affect
public knowledge, trust, and behavior?

E. Validity and Limitations

To ensure validity, we triangulated sources and cross-
validated claims with peer-reviewed data. However, the study
is limited by its qualitative nature and reliance on secondary
data. Future research should incorporate experimental user
studies and real-time AI output analysis to extend empirical
rigor.
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IV. CASE STUDIES

A. Case Study I: The Failure of Meta's Galactica Al

Meta's Galactica large language model represents a significant
cautionary tale in the deployment of AI systems for
specialized domains. Launched on November 15, 2022, the
model was abruptly discontinued just three days later on
November 17, following widespread criticism and public
backlash. This rapid shutdown highlighted critical oversights
in Meta's approach to Al deployment and the inherent
challenges of creating reliable scientific Al assistants.

Galactica was designed with ambitious goals to "organize
science" and assist researchers by providing access to
scientific knowledge. The model was trained on an extensive
dataset comprising 48 million academic papers, textbooks,
lecture notes, and reference materials, which Meta
characterized as "a large and curated corpus of humanity's
knowledge." Despite this substantial training foundation, the
system exhibited fundamental flaws that undermined its
intended purpose.

The most critical limitation of Galactica was its inability to
distinguish between factual and fictional information, a fatal
flaw for a system designed to support scientific research. The
model consistently generated content that was factually
incorrect, exhibited clear biases, and produced outputs that
were often nonsensical. Notably, the system failed to solve
basic mathematical problems, raising serious questions about
its reliability for any scientific application.

This case study illustrates the potential dangers of premature
Al deployment, particularly in domains requiring high
accuracy and reliability. The failure of Galactica demonstrates
how even well-intentioned Al tools can become vectors for
misinformation when released without adequate testing,
validation, and regulatory oversight. The incident serves as a
stark reminder that the sophistication of training data does not
guarantee the accuracy or reliability of Al outputs.

B. Case Study 1I: GPT-2's Influence on News Credibility
Perception

A comprehensive study conducted by Kreps, McCain, and
Brundage examined the capacity of different versions of GPT-
2 to generate convincing news content and its implications for
information credibility. This research utilized three variants of
the GPT-2 model with varying computational complexity:

e  Medium Model: 355 million parameters
Large Model: 774 million parameters

Extra Large Model: 1.5 billion parameters

All models were trained on 40 GB of highly-rated Reddit
content, providing a foundation for generating human-like
text. The researchers designed multiple experiments to assess
the believability of Al-generated content compared to
professionally written news articles.

3) Experiment 1: Credibility Assessment of Al-Generated
News

The first experiment evaluated how credible Al-generated

news articles appeared to American readers. Researchers

compared articles produced by the three GPT-2 variants

against a baseline article from 7he New York Times. To ensure

fair comparison, only the most factually accurate Al outputs
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were selected for evaluation. Participants were asked to rate
the credibility of randomly presented articles without knowing
their source.

The results revealed concerning patterns in public perception
of Al-generated content:

e  Articles from the smallest model (355M parameters)
were perceived as credible but noticeably less so
than the human-written baseline

e Content from larger models (774M and 1.5B
parameters) achieved credibility ratings statistically
indistinguishable from the professional news article

e Most remarkably, the 774M parameter model's
outputs were rated as significantly more credible
than the human-written article

These findings suggest that Al-generated content can achieve
or exceed human-level credibility in public perception, raising
significant concerns about the potential for Al to be used in
creating convincing misinformation.

Experiment 2: Unfiltered Al Content Generation

The third experiment addressed a critical real-world
scenario: the potential for Al models to generate believable
misinformation without human curation or editing. This
experiment simulated conditions where malicious actors
might deploy Al systems for automated misinformation
campaigns. Using a New York Times article about North
Korean ship seizures as a prompt, researchers generated 300
articles from each GPT-2 model variant.

Unlike previous experiments that selected only the highest-
quality outputs, this study evaluated the full spectrum of Al-
generated content with minimal filtering, reflecting realistic

deployment conditions. The analysis yielded several
important insights:
e Larger models (774M and 1.5B parameters)

produced content that was generally perceived as
more credible than the smallest model, though the
improvement was modest

o Despite statistical differences in peak performance,
the overall credibility distributions across all model
sizes showed significant overlap

e The results indicated diminishing returns in
perceived believability as model size increased,
suggesting that computational power alone does not
linearly improve misinformation potential

This experiment demonstrates that even unfiltered Al outputs
can achieve concerning levels of credibility, highlighting the
need for robust detection mechanisms and regulatory
frameworks to address the potential misuse of Al in
information warfare and misinformation campaigns.

V. RESULTS AND DISCUSSIONS
A. The Paradox of Scientific Authority in AI-Generated
Content

The analysis of Meta's Galactica system reveals a critical
disconnect between dataset comprehensiveness and
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truthfulness verification capabilities. Despite training on
extensive scientific literature, Galactica demonstrated an
inability to distinguish between scientifically valid and invalid
information. Instead, the system consistently produced
outputs that mimicked the stylistic conventions of academic
writing—including formal tone, technical terminology, and
structured  argumentation—while  lacking  substantive
scientific accuracy. This phenomenon represents what we
term "performative credibility,” where Al systems replicate
the surface-level markers of authority without the underlying
epistemological rigor.

The implications of this finding extend beyond technical
limitations to fundamental questions about how authority and
credibility are constructed and perceived in digital
information environments. The system's outputs possessed
sufficient verisimilitude to appear credible to users who lack
specialized domain knowledge, creating a dangerous gap
between perceived and actual reliability.

B. Public Perception and the Credibility Gap

Experimental findings from the GPT-2 news credibility
studies provide empirical evidence for concerning patterns in
human information processing. Participants demonstrated
comparable credibility ratings for Al-generated content and
human-authored news articles, with larger language models
showing particularly strong performance in believability
metrics. This equivalence in perceived credibility suggests
that current Al systems have crossed a threshold where their
outputs can no longer be easily distinguished from human-
generated content by lay audiences.

The results indicate that individuals rely heavily on
presentation quality and confirmation bias rather than rigorous
fact-checking when evaluating information credibility. This
cognitive bias creates systematic vulnerabilities that can be
exploited by malicious actors seeking to disseminate false
information. The findings align with broader research on
motivated reasoning and the role of cognitive shortcuts in
information processing.

C. Mechanisms of Misinformation Amplification

The convergence of Al capabilities and conspiracy theory
propagation presents a novel threat vector in the information
landscape. Al systems like Galactica and GPT-2 provide
conspiracy theorists with sophisticated tools for generating
content that bears the hallmarks of legitimate discourse. The
technical sophistication of Al-generated text—characterized
by coherent argumentation, appropriate citation formats, and
domain-specific vocabulary—can lend false credibility to
unfounded claims.

This represents a qualitative shift in misinformation
production. Traditional conspiracy theories often suffered
from obvious markers of dubious origin, such as poor writing
quality, lack of supporting documentation, or clearly biased
sources. Al-generated content eliminates these quality
barriers, enabling the production of polished misinformation
that can more easily evade detection by both automated
systems and human readers.

D. Scalability and Accessibility Concerns

The democratization of AI content generation tools has
lowered traditional barriers to sophisticated misinformation



production. Users with minimal technical expertise can now
generate volumes of seemingly credible content at
unprecedented scale and speed. This accessibility multiplies
the potential for harm, as the resource requirements for
producing convincing false content have decreased
dramatically.

Social media platforms compound this risk by providing
efficient distribution mechanisms for Al-generated content.
The combination of low production barriers and high-velocity
distribution  creates conditions favorable to rapid
misinformation spread, particularly within communities
predisposed to conspiratorial thinking.

E. Al as Myth-Making Infrastructure

These findings suggest that contemporary Al systems function
as enablers of what we characterize as "digital myth-making."
Unlike traditional myth-making processes that developed over
extended periods through oral tradition and cultural
transmission, Al-mediated myth-making can occur rapidly
and at scale. Al systems serve dual roles in this process: they
generate the content that forms the foundation of false
narratives while simultaneously providing that content with
markers of credibility that facilitate acceptance and
propagation.

The implications extend beyond individual instances of
misinformation to broader concerns about epistemic security
in democratic societiecs. When Al systems can generate
content that is indistinguishable from legitimate scientific or
journalistic discourse, the foundations of evidence-based
decision-making become vulnerable to systematic erosion.

F. Regulatory and Technical Implications

The documented capabilities and risks associated with Al-
generated misinformation highlight the urgent need for
comprehensive regulatory frameworks and technical
safeguards. Current approaches to content moderation, which
often rely on post-hoc detection and removal, may prove
insufficient against Al-generated content that can evade
traditional detection mechanisms.

The results suggest that effective mitigation strategies must
address both technical and social dimensions of the problem.
Technical solutions might include improved detection
algorithms, watermarking systems, or content provenance
tracking. Social interventions could focus on digital literacy
education and the development of critical evaluation skills,
specifically adapted to Al-generated content.

These findings contribute to growing evidence that the
deployment of powerful Al systems without adequate
safeguards poses significant risks to information integrity and
democratic discourse. The research underscores the need for
proactive rather than reactive approaches to Al governance,
particularly in domains where false information can have
serious societal consequences

VI. CONCLUSION

Generative Al has introduced a paradigm shift in how
misinformation and modern myths are created, perceived, and
propagated. As illustrated by the Galactica and GPT-2 case
studies, Al-generated content can possess a deceptive
credibility that deeply influences public perception and belief
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formation. The synergy between psychological biases,
algorithmic amplification, and the believability of Al-
generated narratives creates a fertile ground for digital-age
myth-making.

This paper has demonstrated that the threat posed by
generative Al is not solely technical but also epistemological,
affecting how society defines and interacts with truth. It calls
for urgent, interdisciplinary interventions to address this
challenge. These include advancing Al content detection
tools, integrating digital media literacy into education
systems, and enforcing platform accountability through
transparent regulation.

Ultimately, preserving the integrity of knowledge in an Al-
driven world will depend on our ability to balance innovation
with responsibility. As we continue to benefit from generative
technologies, we must remain vigilant to their misuse,
fostering a digital environment where truth is resilient,
information is trustworthy, and myths are questioned rather
than blindly believed.
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